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Abstract: The induction motor is a type of electric machine that is widely used 

for industrial operations in this modern era. It is an alternating current electric 

machine with several advantages, namely cheap, simple construction, and not 

requiring excessive maintenance, but has the biggest percentage of motor fault in 

the bearings. Therefore, this study aims to identify the inner race-bearing fault 

detection system based on sound signal frequency analysis. The sound signal 

processing was carried out using the Fast Fourier Transform (FFT) algorithm to 

analyze the condition of the inner race-bearing. The sound signal was used because 

it does not require direct contact with the bearing (non-invasive). The fault 

detection system was tested with two defects, namely scratched inner race and 

perforated inner race bearing. The results gave a successful detection of the 

condition of the inner race bearing with a percentage of 81.24%. This showed that 

the fault detection system using sound signals with FFT signal processing was 

carried out with high accuracy. 

Keywords: Induction motor, Sound frequency, Inner race bearing, Fast Fourier 

transform. 

1 Introduction 

The most important part of an induction motor is the bearing, which helps 

the rotor to rotate freely. Meanwhile, a previous study stated that the largest fault 

percentage for motor parts occurs in bearings at 51% [1]. When the bearing is 

damaged, it will cause noise, vibration, asymmetry in the motor shaft, and the 
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motor stop operating. Damage to induction motors is divided into two type, 

namely electrical and mechanical faults [2]. The bearing fault is included in the 

classification of a mechanical fault, which significantly affects the performance 

of the induction motor. This makes it necessary to carry out early detection to 

protect the engine from more severe faults [3]. The fault diagnosis can be 

classified with invasive and non-invasive techniques [4], which are carried out 

using thermal analysis methods [5  7], sound [8], and vibrations [9] 

Signal processing methods for fault detection use discrete wavelet transform 

[10], Hilbert [11], Fast Fourier Transform (FFT), and machine learning [12]. This 

processing is simple and can determine the fault location of motor parts such as 

FFT, which is not suitable for non-linear data. Sound signal analysis using FFT 

can be applied to determine the fault caused by damage to the rotor bar, stator, 

eccentricity, and bearing [13]. The detection of interference through sound 

signals is very effective and easy because it does not require direct contact with 

the motor [14]. 

This study discussed the inner race-bearing fault detection system based on 

sound signals. The FFT algorithm was used to convert the time domain sound 

signal into the frequency domain. Furthermore, the sound signal frequency 

(spectrum) was used to analyze the condition of the inner race bearing. 

Calculation of frequency characteristics is applied to determine the location of 

the motor part fault. Since only a microphone is required to capture sound signals, 

this method is relatively less expensive. This is because the sound is obtained 

from the motor when operating. The results showed that the percentage of 

successful detection is significantly high, therefore it can be used as an alternative 

for monitoring the inner race-bearing condition. 

2 Modeling System 

System configuration for fault detection is required as a study 

implementation. Fig. 1 shows a block diagram of the configuration of the fault 

detection system through sound signals. In this study, the elements of equipment 

components used included a 3-phase induction motor, sound sensor (micro-

phone), sound data processing algorithm, and motor load. The sound of the 

induction motor was captured by the sound sensor and processed using FFT. A 

3-phase induction motor has a voltage rating of 220/380 V, star winding (Y), and 

motor power capacity of 2HP or equivalent to 1.5 kW. Fig. 2 shows the 

implementation of the crash detection system used, meanwhile, for an accurate 

conclusion, several tests must be applied. The fault detection system applies a test 

with four load variations, which were 0 Newtons (load1), 30 Newtons (load2), 40 

Newtons (load3), and 50 Newtons (load4). The initial condition given to the 

motor is load1 or no load. Subsequently, the motor will be connected to the clutch 

and lever which will be given load2, load3, and load4 as mechanical braking. 
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Fig. 1 – Block diagram of fault detection configuration on inner race. 

 

 

Fig. 2 – Implementation of the fault detection system. 

 

3 Bearing Characteristic Frequencies 

The bearing construction consists of four parts that help the rotor to rotate, 

namely the outer race, inner race, ball, and cage bearing as shown in Fig. 3. The 

causes of bearing faults are contamination, corrosion, brinelling, and 

misalignment. 
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Fig. 3 – Induction motor bearing construction. 

 

Bearing contamination is caused by the presence of foreign matter or liquid 

mixed in the lubricant. This leads to lubrication that can cause overheating and 

accelerate the bearing damage process. Brineling is bearing damage caused by 

the too large load. Meanwhile, misalignment is an improper installation of 

bearings, which causes the position of the two motor shafts to be misaligned. 

Fig. 4 shows the bearing misalignment that will cause vibration in the axial 

direction.  

 

Fig. 4 – Misalignment of bearing installation: (a) Misalignment;  

(b) Shaft deflect; (c) Outer race damage; (d) Inner race damage 

 

The bearing fault causes harmonics in the sound spectrum according to (1). 

 bf mf , (1) 

where f is the harmonic frequency, 1,2,3,m , and bf  is the bearing frequency. 

The frequency of each bearing section is the outer race, inner race, ball, and cage 

bearing according to (2) – (5) [16]: 
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where: Nm  is rotational speed, BD  is ball diameter, pD  is bearing pitch 

diameter,   is contact angle and 
BN  is the number of balls. 

In this study, the test was carried out by conditioning the fault by providing 

defects in the inner race bearing. Fig. 5 shows the variation of the inner race 

bearing defects with holes (fault #1) and scratches (fault #2). The fault#1 and 

fault#2 conditions are used to test whether the detection system can recognize the 

actual bearing condition. When the detection system states the bearing is 

damaged, the detection accuracy indicates the truth. Table 1 show the specifica-

tions of the bearings used in the test. 

 

(a) 

 

(b) 

Fig. 5 – Bearing fault conditioning: (a) Fault#1; (b) Fault#2. 

 

Table 1 

Bearing specification. 

Brand CSC 

Type 6205 2R 

Inside Diameter (Inner) 25 mm 

Number of Balls (Nb) 9 pieces 

Ball Bearing Diameter 7,25 mm 

Outside Diameter (Outer) 52 mm 
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From Table 1, it is discovered that the number of balls is 9 pieces, with a 

diameter of 7.25, and the motor rotation is 1499 rpm. The measurement of motor 

rotation is measured using a tachometer and converted into units of revolu-

tion/second. The calculation of the frequency of the inner race bearing using (4) 

in the case of load1 and fault#1 is expressed below: 

 
1499
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60
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To determine whether the inner race bearing in the case of load1 and fault #1 

is damaged or normal (healthy), the amplitude was observed at a frequency of 

133.59 Hz. Calculations in other cases are carried out in the same way and it was 

discovered that the motor speed values are different. This causes a change in the 

frequency value of the inner race bearing. Table 2 shows the frequency of the 

inner race bearing on fault #1 and fault #2 testing with several variations of motor 

load, consisting of load1, load2, load3, and load4. 
 

Table 2 

Inner race bearing frequency in all test cases. 

Load 
Condition 

Fault#1 (Hz) Fault#2 (Hz) 

1 133,59 133,91 

2 133,38 133,28 

3 133,32 133,25 

4 133,18 133,20 
 

4 Result and Discussion 

The frequency calculation was used as the basis for diagnosing the condition 

of the inner race bearing, while the spectrum of the sound signal under healthy 

bearing conditions was used as a reference. To diagnose the condition of the inner 

race bearing, a comparison of the amplitude of the sound signal spectrum was 

carried out. When the amplitude of the test spectrum exceeded that of the healthy 

condition, the inner race bearing is declared faulty. However, when the amplitude 
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of the test spectrum does not exceed the amplitude value of the spectrum for a 

healthy bearing, the inner race bearing is declared in a healthy condition. 

4.1 Sound signal analysis in time domain 

The sound signal in the time domain for a motor with healthy and faulty 

bearings is shown in Fig. 6. The faulty bearings, namely fault#1 and fault#2 show 

a higher amplitude than the motor with healthy bearings. The increase in sound 

amplitude indicates an abnormal condition in the induction motor. However, the 

time domain analysis does not show the location of the damaged motor parts. To 

identify the location of the motor fault, there is a need to transform the sound 

signal into a frequency domain using FFT. 
 

 

(a) 

 

(b) 

 

(c) 

Fig. 6 – Sound signal in the time domain: 

 (a) Healthy motor; (b) Fault#1; (c) Fault#2. 
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4.2 Sound signal spectrum analysis 

The first test was carried out under no-load motor conditions. Fig. 7 shows a 

motor frequency signal with a healthy bearing used as a reference signal. In 

testing the condition of the motor without load (load1), six harmonic frequency 

points are used as a reference to detect fault to the inner race bearing. Meanwhile, 

the amplitude spike produced in Fig. 7 is a sound spike other than the inner race 

bearing, except for the frequency calculated by (4) and the harmonic frequency 

according to (1). The application of these equations produced the inner race 

bearing frequency values of 133.6 Hz, 267.2 Hz, 400.8 Hz, 534.5 Hz, 668.1 Hz, and 

801.7 Hz. The amplitude value of each harmonic frequency is written in Table 3 

as the reference amplitude that will be used as a comparison value in determining 

the condition of the inner race bearing in the case of load1. The reference 

amplitude values in case 1 include: 0.000003, 0.00021, 0.00005, 0.000003, 

0.00008, and 0.000002. 
 

 

Fig. 7 – Healthy motor sound frequency at no load. 

 

Table 3 

Inner race bearing fault analysis through a sound signal in case of load1. 

Freq  

Healthy Fault#1 Fault#2 

Amp 
Freq 

[Hz] 
Amp 

Condition 

detection 

Freq 

[Hz] 
Amp 

Condition 

detection 

fi 0.00003 133,5 0.00011 1 133,9 0.00036 1 

fi x 2 0.00021 267,1 0.00003 0 267,8 0.00016 0 

fi x 3 0.00005 400,7 0.00019 1 401,6 0.00024 1 

fi x 4 0.00003 534,3 0.00024 1 535,6 0.00014 1 

fi x 5 0.00008 667,9 0.00025 1 669,5 0.00053 1 

fi x 6 0.00002 801,5 0.00021 1 803,4 0.00035 1 

Fault detected 5  5 

Success percentage 83.33%  83.33% 

 

The sound spectrum in the load1 condition test is shown in Fig. 8. Moreover, 

Fig. 8a examines the case of fault to the inner race bearing fault#1 and (b) fault#2. 

To determine the inner race condition, the amplitude value of the test spectrum 
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will be compared with that of the healthy condition as shown in Fig. 7. Table 3 

shows the amplitude values obtained from the spectrum in Fig. 8. 
 

 

(a) 

 

(b) 

Fig. 8 – Frequency on inner race bearing in case of load1: (a) Fault#1; (b) Fault#2. 

 

The induction motor's inner race bearing is declared damaged when the 

amplitude at the test frequency is higher than that of the healthy motor (marked 

1). Meanwhile, the inner race bearing is declared healthy when the amplitude 

does not exceed the reference (marked 0). In this study, when damaged conditions 

are detected, the results are correct because the bearings tested have been 

reconstructed, namely fault #1 and fault #2. Based on Table 3, it was discovered 

that there is one point of the spectrum frequency that does not detect fault (second 

harmonic), both on fault #1 and fault #2 testing. Therefore, the percentage of 

detection success rate reached 83.33%. The first test obtained a good percentage 

of success, this showed that the detection system can identify the condition of the 

inner race bearing. 

To get accurate test results, fault and load variations were applied and each 

test observed the harmonic frequency of the inner race bearing. Fig. 9 shows the 

sound spectrum in the load2 test, and Table 4 shows the comparison of the 

amplitude values for each harmonic frequency. Based on Table 4, it was 

discovered that the 1st harmonic frequency did not detect any error on fault #1 or 

fault #2 testing. The reference amplitude value was 0.00016, while the test 

amplitude value was 0.00012 (fault#1) and 0.00001 (fault#2). Since the 2nd to 6th 

harmonic frequencies can detect any fault, it can be stated that the percentage of 
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successful detection is 83.33% for fault #1 and fault #2, respectively. Overall, the 

test on the load2 motor case achieved a fairly high accuracy level. 
 

 

(a) 

 

(b) 

Fig. 9 – Inner race bearing frequency in case load2: (a) Fault#1; (b) Fault#2. 

 

Table 4 

Inner race bearing fault analysis through a sound signal in case of load2. 

Freq 

Healthy Fault#1 Fault#2 

Amp 
Freq 

[Hz] 
Amp 

Damage 

Detection 

Freq 

[Hz] 
Amp 

Damage 

Detection 

fi 0.00016 133,3 0.00012 0 133.2 0.00001 0 

fi x 2 0.00003 266,7 0.00006 1 266.5 0.00004 1 

fi x 3 0.00056 400,0 0.00109 1 399.8 0.00137 1 

fi x 4 0.00007 533,4 0.00064 1 533.1 0.00025 1 

fi x 5 0.00010 666,7 0.00038 1 666.4 0.00048 1 

fi x 6 0.00008 800,1 0.00057 1 799.7 0.00033 1 

Fault detected 4  5 

Success percentage 83.33%  83.33% 

 

The motor under load3 and load4 conditions were tested using the load level 

variation to describe the operation of the motor. This test is expected to show 

whether the system will function effectively with different loading conditions in 

the fault detection system. This is because every change in the load will cause a 

change in speed that affects the frequency characteristics of the inner race 
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bearing. Figs. 10 and 11 represent the sound spectrum at load3 and load4, while 

the amplitude values for each harmonic are shown in Tables 5 and 6. 
 

 

(a) 

 

(b) 

Fig. 10 – Fault frequency of inner race bearing in  

case of load3: (a) Fault#1; (b) Fault#2. 
 

 

(a) 

 

(b) 

Fig. 11 – Inner race bearing frequency in case load 4: (a) Fault#1; (b) Fault#2. 
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The percentage of successful detection for load3 fault #1 and fault #2 has the 

same value, namely 83.33%. The third harmonic fault frequency did not detect 

the fault that occurred, while all the harmonic points detected a fault in the inner 

race bearing. The load4 test with fault#1 and fault#2 cases obtained success 

percentages of 83.33% and 66.66%, respectively. According to (1), the more 

frequency harmonic values are analyzed, the greater the accuracy of the detection 

results. This is because more frequency can describe the population of data that 

is considered for making decisions. Therefore, it is recommended not to diagnose 

only at one frequency point. 
 

Table 5 

Fault analysis of inner race bearing through a sound signal in case of load3. 

Freq. 

Healthy Fault#1 Fault#2 

Amp 
Freq 

[Hz] 
Amp 

Condition 

detection 

Freq 

[Hz] 
Amp 

Condition 

detection 

fi 0.00013 133.3 0.00021 1 133.2 0.00016 1 

fi x 2 0.00006 266.6 0.00012 1 266.5 0.00015 1 

fi x 3 0.00110 399.9 0.00060 0 399.7 0.00026 0 

fi x 4 0.00006 533.3 0.00052 1 533.1 0.00048 1 

fi x 5 0.00006 666.6 0.00052 1 666.2 0.00041 1 

fi x 6 0.00002 799.9 0.00042 1 799.5 0.00013 1 

Fault detected 5  5 

Success percentage 83.33%  83,33% 

 

Table 6 

Fault analysis in inner race bearing through a sound signal in case of load4. 

Freq. 

Healthy Fault#1 Fault#2 

Amp 
Freq 

[Hz] 
Amp 

Condition 

detection 

Freq 

[Hz] 
Amp 

Condition 

detection 

fi 0.00011 133.1 0.00016 1 133.2 0.00012 1 

fi x 2 0.00005 266.3 0.00013 1 266.4 0.00002 0 

fi x 3 0.00355 399.5 0.00043 0 399.6 0.00117 0 

fi x 4 0.00003 532.7 0.00062 1 532.8 0.00028 1 

fi x 5 0.00002 665.9 0.00045 1 666.0 0.00019 1 

fi x 6 0.00011 799.1 0.00054 1 796.6 0.00918 1 

Fault detected 8  4 

Success percentage 83.33%  66.66% 
 

Based on the sound signal analysis to detect fault to the inner race bearing, it 

was discovered that the percentage of success has high accuracy. Testing different 

load values will affect the frequency characteristics of the sound signal. With the 

proposed detection system, faults in the inner race bearings can be identified. 

Furthermore, information obtained showed that the sound signal for each load has 
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a different frequency of the inner race bearing. Therefore, accuracy is needed in 

the calculation of the bearing frequency. 
 

Table 7 

Percentage of successful fault detection in all test cases. 

Load Fault#1 Fault#2 

1 83.33% 83.33% 

2 83.33% 83.33% 

3 83.33% 83,33% 

4 83.33% 66.66% 

 

Table 7 shows the percentage of successful fault detection in all cases of 

fault #1 and fault #2 with four load variations, with an average success of 81.24%. 

This means that the fault detection of the inner race bearing through sound 

analysis using the FFT method was declared successful. 

5 Conclusion 

Fault detection through sound analysis is a cost-effective technique for 

diagnosing the condition of the induction motor. Diagnosis of the condition 

requires a signal processing algorithm, where FFT is used to convert the sound 

signal from the time domain to the frequency domain. The comparison of the 

sound signal amplitude in the frequency domain will determine the results of the 

condition diagnosis on the inner race bearing. Meanwhile, noise from other 

sources other than the inner race bearing will cause a fault in the detection. 

Frequency calculation was used as a filter to describe the condition of the inner 

race bearing. The results of the proposed study get the percentage of fault 

detection success reaching a value of 81.24%. To get high validity and accuracy, 

it is recommended to detect several harmonic frequencies. This indicates that the 

fault detection system through sound with the FFT algorithm can be used as an 

alternative technique for diagnosing the condition of induction motor parts. 

Motor condition information is also needed to anticipate more severe faults and 

details on maintenance actions. 

7 Acknowledgments 

The authors are grateful to the research team at the Electrical Machinery 

Laboratory who provided insights for the development of this study and also to 

the team at the Energy Conversion Laboratory, Hang Tuah University for their 

comments, and suggestions for improving the manuscript. 



I.D.P. Karyatanti et al. 

46 

8 References 

[1] N. Sikder, A. S. Arif, M. M. Manjurul Islam, A.- A. Nahid: Induction Motor Bearing Fault 

Classification Using Extreme Learning Machine based on Power Features, Arabian Journal 

for Science and Engineering, Vol. 46, No. 9, September 2021, pp. 8475  8491. 

[2] A. Choudhary, D. Goyal, S. L. Shimi, A. Akula: Condition Monitoring and Fault Diagnosis 

of Induction Motors: A Review, Archives of Computational Methods in Engineering, Vol. 26, 

No. 4, September 2019, pp. 1221  1238. 

[3] R. Z. Haddad, C. A. Lopez, J. Pons-Llinares, J. Antonio-Daviu, E. G. Strangas: Outer Race 

Bearing Fault Detection in Induction Machines Using Stator Current Signals, Proceedings of 

the IEEE 13th International Conference on Industrial Informatics (INDIN), Cambridge, UK, 

July2015, pp. 801  808. 

[4] M. Irfan, N. Saad, R. Ibrahim, V. S. Asirvadam, A. S. Alwadie, M. A. Sheikh: An Assessment 

on the Non-Invasive Methods for Condition Monitoring of Induction Motors, Ch. 4, Fault 

Diagnosis and Detection, InTechOpen, Rijeka, 2017. 

[5] X. Li, H. Shao, S. Lu, J. Xiang, B. Cai: Highly Efficient Fault Diagnosis of Rotating 

Machinery Under Time-Varying Speeds Using LSISMM and Small Infrared Thermal Images, 

IEEE Transactions on Systems, Man, and Cybernetics: Systems, Vol. 52, No. 12, December 

2022, pp. 7328  7340. 

[6] A. K. Al-Musawi, F. Anayi, M. Packianather: Three-Phase Induction Motor Fault Detection 

based on Thermal Image Segmentation, Infrared Physics & Technology, Vol. 104, January 

2020, p. 103140. 

[7] A. Glowacz: Fault Diagnosis of Electric Impact Drills Using Thermal Imaging, Measurement, 

Fault Diagnosis of Electric Impact Drills Using Thermal Imaging, Vol. 171, February 2021, 

p. 108815. 

[8] J. A. Lucena-Junior, T. L. de Vasconcelos Lima, G. P. Bruno, A. V. Brito, J. G. Gomes de 

Souza Ramos, F. A. Belo, A. C. Lima-Filho: Chaos Theory Using Density of Maxima Applied 

to the Diagnosis of Three-Phase Induction Motor Bearings Failure by Sound Analysis, 

Computers in Industry, Vol. 123, December 2020, p. 103304. 

[9] R. Misra, K. Shinghal, A. Saxena, A. Agarwal: Industrial Motor Bearing Fault Detection 

Using Vibration Analysis, Proceedings of the International Conference on Intelligent 

Computing and Smart Communication (ICSC), Tehri, India, April 2019, pp. 827  839. 

[10] R. Nishat Toma, J.- M. Kim: Bearing Fault Classification of Induction Motors Using Discrete 

Wavelet Transform and Ensemble Machine Learning Algorithms, Applied Sciences, Vol. 10, 

No. 15, August 2020, p. 5251. 

[11] W. Dehina, M. Boumehraz, F. Kratz: Diagnosis and Detection of Rotor Bars Faults in 

Induction Motor Using HT and DWT Techniques, Proceedings of the 18th International Multi-

Conference on Systems, Signals & Devices (SSD), Monastir, Tunisia, March 2021, pp. 109  

115.  

[12] V. D. Nguyen, E. Zwanenburg, S. Limmer, W. Luijben, T. Bäck, M. Olhofer: A Combination 

of Fourier Transform and Machine Learning for Fault Detection and Diagnosis of Induction 

Motors, Proceedings of the 8th International Conference on Dependable Systems and Their 

Applications (DSA), Yinchuan, China, August 2021, pp. 344  351. 

[13] O. AlShorman, F. Alkahatni, M. Masadeh, M. Irfan, A. Glowacz, F. Althobiani, J. Kozik, W. 

Glowacz: Sounds and Acoustic Emission-Based Early Fault Diagnosis of Induction Motor: A 

Review Study, Advances in Mechanical Engineering, Vol. 13, No. 2, February 2021, pp. 1  

19. 



Sound Analysis to Diagnosis Inner Race Bearing Damage on Induction Motors… 

47 

[14] S. Prainetr, S. Wangnippanto, S. Tunyasirut: Detection Mechanical Fault of Induction Motor 

Using Harmonic Current and Sound Acoustic, Proceedings of the International Electrical 

Engineering Congress (iEECON), Pattaya, Thailand, March 2017, pp. 1  4. 

[15] M. A. Sheikh, N. M. Nor, T. Ibrahim, S. T. Bakhsh, M. Irfan, N. B. Saad: An Intelligent 

Automated Method to Diagnose and Segregate Induction Motor Faults, Journal of Electrical 

Systems, Vol. 13, No. 2, 2017, pp. 241  254. 

[16] M. R. Barusu, M. Deivasigamani: Non-Invasive Vibration Measurement for Diagnosis of 

Bearing Faults in 3-Phase Squirrel Cage Induction Motor Using Microwave Sensor, IEEE 

Sensors Journal, Vol. 21, No. 2, January 2021, pp. 1026  1039. 

[17] S. S. Roy, S. Dey, S. Chatterjee: Autocorrelation Aided Random Forest Classifier-Based 

Bearing Fault Detection Framework, IEEE Sensors Journal, Vol. 20, No. 18, September 2020, 

pp. 10792  10800. 

[18] A. K. Sinha, Prince, P. Kumar, A. S. Hati: ANN Based Fault Detection Scheme for Bearing 

Condition Monitoring in SRIMs Using FFT, DWT and Band-Pass Filters, Proceedings of the 

International Conference on Power, Instrumentation, Control and Computing (PICC), 

Thrissur, India, December 2020, pp. 1  6. 

[19] G. Krolczyk, Z. Li, J. A. Antonino Daviu: Fault Diagnosis of Rotating Machine, Applied 

Sciences, Vol. 10, No. 6, March 2020, p. 1961. 

[20] E. Irgat, E. Çinar, A. Ünsal: The Detection of Bearing Faults for Induction Motors by Using 

Vibration Signals and Machine Learning, Proceedings of the IEEE 13th International 

Symposium on Diagnostics for Electrical Machines, Power Electronics and Drives 

(SDEMPED), Dallas, USA, August 2021, pp. 447  453. 

[21] D. Zhang, E. Stewart, M. Entezami, C. Roberts, D. Yu: Intelligent Acoustic-Based Fault 

Diagnosis of Roller Bearings Using a Deep Graph Convolutional Network, Measurement, 

Vol. 156, May 2020, p. 107585. 

[22] J. Hebda-Sobkowicz, R. Zimroz, A. Wyłomańska: Selection of the Informative Frequency 

Band in a Bearing Fault Diagnosis in the Presence of Non-Gaussian Noise – Comparison of 

Recently Developed Methods, Applied Sciences, Vol. 10, No. 8, April 2020, p. 2657. 

[23] Y. Qin, X. Tang, T. Jia, Z. Duan, J. Zhang, Y. Li, L. Zheng: Noise and Vibration Suppression 

in Hybrid Electric Vehicles: State of the Art and Challenges, Renewable and Sustainable 

Energy Reviews, Vol. 124, May 2020, p. 109782. 

[24] H. Nakamura, K. Asano, S. Usuda, Y. Mizuno: A Diagnosis Method of Bearing and Stator 

Fault in Motor Using Rotating Sound based on Deep Learning, Energies, Vol. 14, No. 5, 

March 2021, p. 1319.   

[25] A. Glowacz, R. Tadeusiewicz, S. Legutko, W. Caesarendra, M. Irfan, H. Liu, F. Brumercik, 

M. Gutten, M. Sulowicz, J. A. Antonino Daviu, T. Sarkodie-Gyan, P. Fracz, A. Kumar, J. 

Xiang: Fault Diagnosis of Angle Grinders and Electric Impact Drills Using Acoustic Signals, 

Applied Acoustics, Vol. 179, August 2021, p. 108070. 

[26] L. Frosini, E. Bassi: Stator Current and Motor Efficiency as Indicators for Different Types of 

Bearing Faults in Induction Motors, IEEE Transactions on Industrial Electronics, Vol. 57, No. 

1, January 2010, pp. 244  251. 

[27] L. Frosini: Novel Diagnostic Techniques for Rotating Electrical Machines – A Review, 

Energies, Vol. 13, No. 19, October 2020, p. 5066. 

 


